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wild
populations
are

often
structured




barriers to
gene flow
can reduce
or disrupt
their
connectivity




in the long
run, this can
lead to
increased
divergence




or increased
inbreeding
and

risk of
extinction




Most current genetic methods infer only
ancient changes in connectivity

Using a French human genome
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but human activities have
created V@Y recent

possible barriers to gene
ﬂ.OW (<10 generations ago)



The case of the
Languedoc gudgeon
(goujon occitan)

Gobio occitaniae
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Languedoc gudgeon
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A study using simulations
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Test the performance to infer underlying models
using ABC with random forests (RF)
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Test the performance to infer underlying models
using ABC with random forests (RF)
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Using different
typESof

genomic data



types of
genomic data
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total
statistics: 28,971



Detection power

genotypic genealogical
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Detection power
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The gudgeon
==

WGS Haplotagging: 2-4x, ~40%, ,
Single chromosome (q1)
STITCH - SHAPEIT4 - tsinfer
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Fgy alone not a Probability of fragmentation

good predictor of
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IBD length issues?
WGS Haplotagging 2-4x, ~40%,,
ql - STITCH - SHAPEIT4 - tsinfer
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Conclusions

Genomic data useful to detect
recent fragmentation

Genotypic stats already
good

New genealogical stats
improve classification

Gudgeon data are not
robustly classifiable
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20 sim°/case
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